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PART IV – Generalized Estimating Equations  

We will now analyze a second dependent variable, the number of glances made towards an anticipatory cue between 

when the cue is present and when the event happens. Since this variable is a count variable, we will use a Poisson 

model. In addition, we will need to offset the number of glances by the window of time an individual had to make 

glances. Generalized estimating equations allow for correlation without explicitly defining a model for the origin of 

the dependency. The following model can be fit with the gee() function.  

> G.model.CS<- gee(glance_count ~ Experience + SecondaryTask + offset(log(Time)), data = data, family = 

"poisson", corstr = "exchangeable", id = Participant_ID)   

> summary(model) 

 

The corstr() argument allows us to model different types of variance-covariances structures. The exchangeable 

structure was specified the current model, however, other options include “unstructured” or “AR-M” to allow the 

variance to be freely estimated or modeled as a first-order auto regressive structure respectively.  

 

 

Figure 5: Generalized estimating model. Correlations between the different driving scenarios are shown under 

working correlations. Robust z values can be used to determine significance of the co-efficient estimates. 


